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n  (25,50, 100),   (0.5, 1, 1.5), 

  (0.25, 0.5, 0.75) 

3,4,8,9,10 

visual basic 6

μ1,2,3

4,5,6

σ

JaMLE

48

MLE37

1

25

  MLE MOM JMLE JMOM MLE MOM JaMLE JaMOM BEST 

0.5 

0.25 0.503524 0.505479 0.49121 0.566398 2.39E-03 2.65E-03 1.76E-03 6.53E-03 JaMLE 

0.50 0.504783 0.510776 0.514229 0.659689 1.01E-02 1.04E-02 1.17E-02 3.99E-02 MLE 

0.75 0.482279 0.489441 0.524583 0.729297 2.58E-02 2.60E-02 2.24E-02 0.077948 JaMLE 

1 

0.25 0.989097 0.992073 1.002226 1.107331 3.08E-03 3.13E-03 1.85E-03 1.40E-02 JaMLE 

0.50 1.008068 1.013422 1.039219 1.198863 1.07E-02 1.14E-02 1.51E-02 5.46E-02 MLE 

0.75 0.982155 0.990118 0.992323 1.221875 2.71E-02 2.62E-02 1.97E-02 7.31E-02 JaMLE 

1.5 

0.25 1.50321 1.506614 1.481705 1.627291 2.68E-03 2.84E-03 2.23E-03 1.87E-02 JaMLE 

0.50 1.490311 1.495697 1.513242 1.696823 1.04E-02 1.03E-02 1.66E-02 5.89E-02 MOM 

0.75 1.500916 1.510021 1.465432 1.712588 2.83E-02 2.81E-02 0.023949 7.42E-02 JaMLE 

2

50

  MLE MOM JMLE JMOM MLE MOM JaMLE JaMOM BEST 

0.5 

0.25 0.498455 0.499958 0.493617 0.569012 1.66E-03 1.75E-03 1.53E-03 6.61E-03 JaMLE 

0.50 0.492249 0.496303 0.481076 0.620328 5.93E-03 6.28E-03 6.52E-03 0.021841 MLE 

0.75 0.511167 0.517433 0.515751 0.730679 1.22E-02 1.23E-02 1.24E-02 6.69E-02 MLE 

1 

0.25 0.999661 1.001104 1.000624 1.08601 1.53E-03 1.63E-03 2.18E-03 9.94E-03 MLE 

0.50 0.99208 0.995339 0.977345 1.12287 6.14E-03 6.18E-03 3.78E-03 1.86E-02 JaMLE 

0.75 1.007455 1.0134 1.009513 1.226335 1.77E-02 1.85E-02 1.29E-02 6.63E-02 JaMLE 

1.5 

0.25 1.501624 1.502908 1.50528 1.614437 1.78E-03 1.92E-03 1.14E-03 1.44E-02 JaMOM 

0.50 1.499719 1.501168 1.483243 1.645111 5.02E-03 4.91E-03 5.25E-03 2.74E-02 MOM 

0.75 1.511272 1.514933 1.484809 1.712142 9.65E-03 9.70E-03 1.24E-02 5.96E-02 MLE 

3

100

  MLE MOM JMLE JMOM MLE MOM JaMLE JaMOM  

0.5 

0.25 0.501329 0.502651 0.498181 0.571373 7.42E-04 7.77E-04 6.94E-04 5.91E-03 JaMLE 

0.50 0.502758 0.502601 0.496822 0.643175 3.30E-03 3.23E-03 2.80E-03 2.39E-02 JaMLE 

0.75 0.50082 0.503934 0.488857 0.701504 5.94E-03 5.87E-03 6.83E-03 0.04861 MOM 

1 

0.25 1.002213 1.003291 0.996874 1.075241 9.39E-04 9.56E-04 9.03E-04 6.69E-03 JaMLE 

0.50 1.001709 1.004369 1.011658 1.162698 2.36E-03 2.44E-03 3.07E-03 2.99E-02 MLE 

0.75 0.996823 0.999037 0.994212 1.2151 4.91E-03 5.36E-03 5.95E-03 5.28E-02 MLE 

1.5 

0.25 1.504114 1.504944 1.4995 1.590033 6.65E-04 6.84E-04 8.85E-04 9.25E-03 MLE 

0.50 1.501469 1.502462 1.516908 1.673061 3.46E-03 3.73E-03 1.85E-03 3.16E-02 JaMLE 

0.75 1.473796 1.474912 1.475733 1.699132 6.55E-03 7.03E-03 8.48E-03 4.94E-02 MLE 
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 (4)جذول رقم 

 .(25)ومتىسط مربعات الخطا العائذ لها باعتماد حجم  ()يبين مقذرات المعلمه الثانيه 

  MLE MOM JMLE JMOM MLE MOM JMLE JMOM BEST 

0.5 

0.25 0.245676 0.242296 0.233524 0.10322 2.04E-03 2.48E-03 2.49E-03 2.25E-02 MLE 

0.50 0.502184 0.491812 0.515291 0.263202 6.76E-03 8.32E-03 6.03E-03 0.059089 JaMLE 

0.75 0.766381 0.753991 0.724803 0.370024 2.26E-02 2.89E-02 1.85E-02 0.15151 JaMLE 

1 

0.25 0.242669 0.237518 0.254581 0.072424 1.93E-03 2.19E-03 1.48E-03 3.29E-02 JaMLE 

0.50 0.490971 0.481708 0.506022 0.22935 5.70E-03 7.48E-03 8.63E-03 7.83E-02 MLE 

0.75 0.72503 0.711251 0.775949 0.378122 1.75E-02 2.26E-02 1.75E-02 0.144525 MLE 

1.5 

0.25 0.246914 0.24102 0.23653 -1.58E-02 1.86E-03 2.21E-03 1.45E-03 7.32E-02 JaMLE 

0.50 0.503164 0.493844 0.50707 0.188911 9.93E-03 1.18E-02 9.26E-03 0.101701 JaMLE 

0.75 0.751201 0.735443 0.773707 0.345369 2.51E-02 3.20E-02 2.20E-02 0.171045 JaMLE 

 

 (5)جذول رقم 

 .(50)ومتىسط مربعات الخطا العائذ لها باعتماد حجم  ()يبين مقذرات المعلمه الثانيه 
 

  MLE MOM JMLE JMOM MLE MOM JaMLE JaMOM BEST 

0.5 

0.25 0.25124 0.248643 0.253072 0.122409 1.08E-03 1.27E-03 1.27E-03 1.69E-02 MLE 

0.50 0.487712 0.480701 0.479895 0.238564 4.04E-03 5.50E-03 3.47E-03 0.069288 JaMLE 

0.75 0.761966 0.751128 0.747992 0.375511 8.98E-03 1.16E-02 7.26E-03 0.142313 JaMLE 

1 

0.25 0.252737 0.250243 0.242017 9.40E-02 1.22E-03 1.50E-03 6.56E-04 2.47E-02 JaMLE 

0.50 0.506198 0.500564 0.481039 0.228837 4.32E-03 5.12E-03 4.22E-03 7.53E-02 JaMLE 

0.75 0.751021 0.740739 0.740304 0.364539 1.26E-02 1.59E-02 6.48E-03 0.151253 JaMLE 

1.5 

0.25 0.253453 0.251236 0.243508 5.43E-02 7.91E-04 1.08E-03 7.32E-04 3.88E-02 JaMLE 

0.50 0.500153 0.497656 0.507979 0.227452 4.02E-03 5.75E-03 5.77E-03 7.67E-02 MLE 

0.75 0.754446 0.748123 0.745305 0.351323 9.37E-03 1.11E-02 8.74E-03 0.162182 JaMLE 

 

 (6)جذول رقم 

 .(100)ومتىسط مربعات الخطا العائذ لها باعتماد حجم  ()يبين مقذرات المعلمه الثانيه 
 

  MLE MOM JMLE JMOM MLE MOM JaMLE JaMOM BEST 

0.5 

0.25 0.248368 0.246085 0.250898 0.124053 4.99E-04 6.59E-04 5.20E-04 1.61E-02 MLE 

0.50 0.496946 0.497233 0.504601 0.250964 1.97E-03 2.87E-03 1.93E-03 6.26E-02 JaMLE 

0.75 0.748631 0.743255 0.748602 0.380075 4.60E-03 5.33E-03 4.13E-03 0.138635 JaMLE 

1 

0.25 0.252273 0.250413 0.239419 0.103603 5.39E-04 7.60E-04 6.60E-04 2.17E-02 MLE 

0.50 0.5014 0.496804 0.509352 0.247591 1.90E-03 2.65E-03 1.99E-03 6.43E-02 MLE 

0.75 0.744301 0.740487 0.757098 0.374287 4.85E-03 6.49E-03 2.79E-03 0.142506 JaMLE 

1.5 

0.25 0.249163 0.247732 0.253992 9.71E-02 4.90E-04 0.000619 8.98E-04 2.38E-02 MLE 

0.50 0.503238 0.501532 0.507467 0.236844 1.85E-03 2.44E-03 1.32E-03 6.98E-02 JaMLE 

0.75 0.765856 0.763945 0.760471 0.373307 3.02E-03 4.03E-03 5.35E-03 0.143652 MLE 

3
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8

(Conclusion and Suggestion)
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Abstract 

The statistical distributions possessed and 

still possesses the growing importance of the 

applied statistics and the diversity of 

distribution that can be owned is the log-

normal which has important relation with one 

of the most important statistical distributions, a 

normal distribution characterized by the 

logarithmic normal distribution which 

represent many experiments especially in the 

fields of engineering, physics and agricultural.  

The aim of this study is to find the best 

method for estimating the distribution 

parameters, where different sample sizes and 

values of the parameters are generated by 

simulation with repetition in order to reach to 

the best estimation method stability. 

In the present study four ways of 

estimation are chosen, namely {Maximum 

likelihood estimation (MLE), Moment method 

(MOM), Jackknife Maximum likelihood 

estimation (JaMLE) and Jackknife Moment 

method (JaMOM)} and applied to the study 

data has shown results the ability of estimation 

methods different access capabilities close to 

the parameters of the distribution is assumed 

as the results show possession of the 

estimation. 

The method (JaMLE) odds the biggest and 

by (48) percent for the first parameter(μ) while 

the results for the second parameter (σ) in the 

same way is the biggest by (63) percent, and 

this came high stability this method is 

characterized in providing the capabilities of 

being the closest to the true distribution 

parameters values. 

We may use other methods to estimate 

parameters distribution, such as (bayes, 

shrinkage), another size of samples and 

additional parameters values for the purpose of 

comparison to extract the best tactic. 
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