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7- Abstract: 

This research paper aims to analysis, 

group of prehistoric pottery goblets, through 

studying each one alone. To achieving this 

goal we are using the methods of 

multidimensional scaling and cluster analysis 

in order to classify (25) models from 

different kinds of prehistoric pottery goblets 

from Thailand.  We are using the (SPSS) 

software in order to analyzed the above 

mentioned two methods. 

The following points are the most 

important results:- 

A- The first group, which contains the larger 

amounts of this goblets (60% of the total 

number). The feature of these models are 

big sizes. 

B- The second group, which contains the 

second larger amounts of this goblets 

(16% of the total number). The features of 

this models are medium sizes, and the 

above their openings are wide. 

C- The third group, which contains the 

minimum amounts of this goblets (12% of 

the total number). The features of this 

models are medium sizes, and the above of 

their openings are narrow. 

D- The fourth group, which contains 

minimum amounts of this goblets too 

(12% of the total number). The features of 

this models are small sizes. 

Therefore, we can drive the most 

important conclusion:  

A- The results of the two methods, which 

were used in this research, were 

correspondence and compatible with each 

other. The two methods, are classify and 

distinguish, the models ((25) prehistoric 

pottery goblets) into the same number of 

groups. It also these two methods are 

correspondence in determined and 

classifying, the same number of the 

models inside the same group. 

B- Multidimensional scaling method is more 

precise, in determined the details 

comparison with cluster analysis method. 

Through determined and classifying the 

models (prehistoric pottery goblets) on two 

dimensional map. 

 

 


